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Driver Fatigue Recognition Using Multi-Type Features Fusion
Based on Bi-LSTM
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Abstract: Aiming to improve the accuracy and robustness of the traditional facial-based driver fatigue
recognition methods considering shadows, occlusions and illumination changes, this paper proposed a driver
fatigue recognition method based on multi-type features fusion. The driver physiological data, the driving
behavior and the facial data were collected simultaneously through the ROS topic subscriptions. By
processing the data and analyzing the data features, the paper proposed an annotation strategy integrating
physiological characteristics with driver and observer subjective evaluations for creating labeled datasets. The
teature sequence was formed by the fusion of the features of driver operation behavior and facial features, and
a driver fatigue recognition model of multi-type features fusion was constructed based on Bi-LSTM. The
experimental results showed that compared with the single feature based methods, the proposed method
taking into account multi-type features significantly improved the accuracy and robustness of recognition in

various scenarios.
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