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Abstract: To reduce the deviations between the planned and real lane-changing trajectories, this paper
proposes an improved safety-sensitive LSTM neural network for lane-changing trajectory planning of
autonomous vehicles. The trajectories generated by this model were simulated using CarSim.The results
show that the produced trajectories are very smooth and the automated vehicle can complete the lane
changing process efficiently and safely following the trajectory planned.The proposed deep learning

model produces more accurate output trajectories ensuring higher level of safety.
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